P Preferred
Networks

2026 /3 /8 XNMD17HZE Al x ¥E

MEDOIZOHDAL. AlDTZOH DEE
Al for Physics and Physics for Al

[ BF R K&# / Daisuke Okanohara
Preferred Networks Inc. l _—
Matlantis Corp. T i A




Ho#8N B EXE / Introduction: Daisuke Okanohara

Preferred Networks HREIAIZEE ARIBERLAR
Matlantis (AREEELEE
X (Twitter): @hillbig

e 2 e 1A £
ST =2 ERAIDLL AMBETE 2 - /
—mmE . R IER B BEE o ETFTIAE | i rons 1k ﬁ& -
S M shrssmedy e | = =2, .
%W’?% Z ChatGPTHEA 18R &’; = -—
S5 Sl %ix-6 ﬁ,ﬁﬁ]
}l/ TEfR B AN XL
[E: 30023
IR LD DY 0%
Lo,

Iz O se205

LLM PLaMo JRFLANILZaL—5— AlFE{R

PLamo Qe MATLANTIS £ MN-Core
- ©

MN-Core  MN-Core L1000

for LLM inference P PNreferred
etworks



H REET DR KIS E{LEE

DFEMOFRTERBENSEENISEL LT
(FF X BR. 8B, BF. {EEY - OFRY ~HIE LE)

ERT—3) (FET—5)

HIEDEHRE
EHEER-2ET—4
M EfE(CEm

AR E D E R ] ‘ i\ :
YD EL L R - FEM10F DA R X B2 D EHS LR
(20134 LB O A Rl fT) Hi'\ﬁ:E-}_-')l, / 20234
10ER1E. BEEREEHFTIIERNEL < 10ETIERICEMIY—VEHTEERTEDRLDIC

BHIIBEZF O ICUROERISEE#EZ o7z

*Yuki Homma @y__homm
3 https://twitter.com/y__homm/status/16361 8647839949491 2 red

Nelwourks



HLENE )L / Diffusion Models [Sohl-Dickstein+ 2015]
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Reverse SDE (noise — data)
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Physics as a Theory of High-Dimensional State Spaces
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Reconfiguration of Representation
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Reconfiquring Inference
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Reconfl guring Inference - The case of Matlantis
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Reconfiguring Exploration
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Al reconfigures the Three-Layer Architecture of Science
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D. Okanohara “A Thermodynamic Theory of Learning I: Irreversible Ensemble Transport and
Epistemic Costs”, arXiv:2601.17607

D. Okanohara “A Thermodynamic Theory of Learning Part Il: Critical Period Closure and
Continual Learning Failure”, arXiv:2602.07950
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Learning as a Nonequilibrium Process in Parameter S

ace
0: EFTILONEBIREE (EdH)

do; = —VL(6;) dt + V2T dW,
L(B) : HREE (FRERELLE) - -
KTk JARX
ZFEEFOZEHLC. LODBULEEAN  #1m 98&icno850EYIh)
IFIBEE HLE S HIE B /AR KBELE (HHRET)
L(O)DFSHR

AlIFREEHTILTLSD, ZE DA IEFRZEHE TS TLVEL
1775\#_%’@\%7'3\ TEHRGFEENEELLD - [RIE- J?Elllat’P

w 115/ i "- . " 0' "“I L LJ L.I t ‘t

14



EEOFYE (F—@iE) _——

0;+1 = 0; — nVL(6;) + noise
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Learning and Fundamental Speed Limits

SREERAEE PRSR [Okanohara 2026a]
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Irreversibility in Learning and the Difficulty of Continual Learning
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Viewing the learning process as non-equilibrium thermod
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